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$IE A EMAVEES, 5000 5 image F1 5000 5 groundtruth, 47T EIEDAIF ALE
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chunk_size = 10
human_parser = hub.Module(name="ace2p™)
items = os.listdir('train_datasets/image")
path = [os.path.join('train_datasets/image', item) for item in items]
chunk_path = [path[i:i + chunk_size] for i in range(@, len(path), chunk_size)]
for pth in tqdm(chunk_path):
parsing_gt = human_parser.segmentation(paths=pth, use_gpu=True, batch_size=chunk_size, output_dir='ace2p_output', visualization=True)
for i in range(len(parsing_gt)):
pa, data = parsing gt[i]['path'],parsing_gt[i]['data’]
face = np.where(data==13,255,0)
pa = os.path.join( 'train_datasets/face’, pa.split('/')[-1])
cv2.imwrite(pa, face)
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Figure 5. 11 ion of our proposed U2-Net archil ‘The main archi is a U-Net like Encoder-Decoder, where
each stage consists of our newly proposed residual U-block (RSU). For example, En_1 is based on our RSU block shown in
Fig. 2(e). Detailed configuration of RSU block of each stage is given in the last two rows of Table 1.
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